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1. Introduction

In Statista’s report, the global vegan food market made up a value of about USD 16 billion
in 2021. According to the Global Vegan Food Market study, between 2022 and 2027, this market
is further predicted to grow at a CAGR of 9%, increasing by $10.7 billion to approximately $26.1
billion in 2026 (Expertmarketresearch, n.d.). A vegetarian diet was considered an effective
solution to reduce the risk of cardiovascular disease, ischemic heart disease, and numerous types
of cancer (Dinu, Abbate, Gensini, Casini, & Sofi, 2017). Vegetarian diets are well-suited to
preserving the environment, preventing pollution, and reducing global warming, according to
research (Leitzmann, 2003). Hence, the market for vegan products is currently considered in view
of the fact that a vegan diet not only enhances a healthier person but also gives support to the
environment. Furthermore, vegan cuisine can be found in a variety of places, including
supermarket chains, convenience stores, internet retail, and others, according to Fortune Business
Insights statistics. Owing to the Covid-19 pandemic, e-commerce portals have become a popular
way for clients to buy things. Moreover, the chief executive officer of Vejii said that online grocery
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ordering is one of the fastest-growing e-commerce industries, as well as the largest online vegan
marketplace based on Forbes.

Indeed, a growing number of Vietnamese are adopting a vegan lifestyle, with Ho Chi Minh
City, the country’s largest and most overcrowded city, ranking among Asia’s 10 leading vegan-
friendly cities (Petaasia, 2017). The increasing number of vegetarian restaurants reflects the
growing popularity of a vegetarian diet in Vietnam (Ngo et al., 2021).

Consumer feedback analysis is crucial for maintaining product quality and meeting
customer needs (B. Nguyen, Nguyen, & Ho, 2021; Vanaja & Belwal, 2018). Many customers are
leaving reviews to assist other people to find the correct things to buy as well as provide feedback
to the company. Furthermore, companies and organizations have spent a lot of time and money
trying to figure out how customers feel about the products and services they offer (Farkhod,
Abdusalomov, Makhmudov, & Cho, 2021). This is because the opinions of those surrounding a
client have a significant effect on their decision-making procedure (Kotler, 2000). Sentiment
analysis has been the subject of a great deal of research to date.

Sources of information on organic, vegetarian, small-scale, and local products are the
meaning element that is prominent in the informants’ choices of e-shops (Berg & Henriksson,
2020). Additionally, healthy eating is the most commonly associated with a healthy lifestyle,
exercise, weight loss, and diet among users (Pilaf, Stanislavska, Kvasni¢ka, Hartman, & Ticha,
2021). Besides, the product line and strategic marketing might focus on the value proposition of
the commodities about vegan, homemade as well as clean eating. Ngo et al. (2021) investigated
five factors (animal welfare, health, mood, religion, and reference) orientating people toward
making vegetarian decisions. Thus, the emotionally driven element is found to be more significant
when making a decision to acquire vegan items. Furthermore, Cooper, Dedehayir, Riverola,
Harrington, and Alpert (2022) employed Leximancer, a text analytics software, to determine the
themes of vegan product discussion. They pointed out that in additional topics, the researchers
should find sentimental differences between vegans (positive or negative).

Some previous research explored customer sentiment in regard to aspects of type products,
such as accessories and cell phones with some aspects of battery, body, display, price, network,
service, sound (Anoop & Asharaf, 2020); entertainment with two groups of display and buggy
functionality & performance (Algaryouti, Siyam, Monem, & Shaalan, 2020); drug with aspects of
effectiveness and side effects (Han, Liu, & Jing, 2020). Other previous studies compiled feedback
on aspects of both the product and the service, for instance, restaurant with aspects of ambiance,
experience, location, person, price, restaurant, service, style options, and sustenance (de Kok et
al., 2018); fashion, toy, book, laptop, voucher, and so on with aspects of quality, shipment, price,
design and satisfy (Le & Huh, 2021; B. Nguyen et al., 2021). Vegan products, on the other hand,
have not been investigated in terms of client sentiments. With the possibility for growth prospects
as well as the transition to vegetarian products, this study aims to provide more understanding of
customer experiences on vegan food that are free of animal ingredients and not tested on animals
by applying the sentiment method. Customers’ opinion gives towards some aspects of this
merchandise. To find out customer insights about vegetarian products involves four main tasks:
(1) Which are the most popular keywords and their frequency with customers to write product
reviews relevant to vegan food? (2) How do the consumer’s emotions change over time? (3) What
is the average rating star and demonstrate which cards are used the most? (4) Which aspect is the
most important to customers and what is the point of view for each aspect?
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The reality and scientific significance of the work in this paper are the following: (1) This
research has conducted the customer experience analysis through text comments, ranking stars,
and rating tags in customer reviews based-on sentiment analysis; (2) This study contributes to
the area of vegan food in the Vietnamese market; (3) The business can have a deeper
understanding of the customer’s experience and behavior after the customers purchase products
or services on the online store. From each aspect, businesses find out the points of customer
displeasure in order to determine the solution; (4) This paper provides buyers and potential
customers with a sense of how previous customers’ sentiments things, allowing them to make
appraisals, and purchase decisions.

The remainder of this paper consists of five parts arranged as follows. Section 2 provides
an overview of previous research fundamentals. The research design, and sentiment analysis
process are presented in Section 3. Section 4 demonstrates the results of the experimental work.
The discussion of this study is shown in Section 5. And lastly, Section 6 presents conclusions from
this work, its limitations, and further research proposal.

2. Background and related work

Customer experience has gotten a lot of attention in marketing research and practice over
the last decade. Companies like Uber, Starbucks, and Zappos utilized digital transformation to
capture customer experience owing to the customers being at the center of their business according
to Voxco, and marketing researchers refer to it as the basic premise for marketing management
(Lemon & Verhoef, 2016). Customer experience, according to (Holbrook & Hirschman, 1982), is
defined as the entire event that a customer encounters when dealing with a brand. The customer’s
moods are frequently affected by this experience.

In recent years, consumers have become more eager for veggie options (Cooper et al.,
2022; Choi & Joung, 2018; Lu & Gursoy, 2017), and many people around the world have decided
to live a vegetarian lifestyle (Ngo et al., 2021; Rivera & Shani, 2013). This growing interest in
organic or vegetarian merchandise among people is correlated to their yearning for a cleaner and
greener lifestyle (Nilashi et al., 2021; Verain, Dagevos, & Antonides, 2015). In other words,
nowadays vegetarian and organic goods play an essential role in consumer choice. Obviously,
there has been a recent increase in research on vegetarian food. Choi, Joung, Choi, and Kim (2021)
showed some factors on customer satisfaction and behavioral intentions like price, convenience,
and menu options. Customer decision making based on four factors atmosphere, service, food, and
value in vegetarian restaurants through cluster analysis, text mining, and predictive machine
learning approaches (Nilashi et al., 2021). Cooper et al. (2022) analyzed using the text analytics
tool to look for prominent topics and related terms in conversations relating to veganism. This
research proposed a method to show drivers and had a limitation needed to analyze sentiment for
each factor.

Sentiment Analysis (SA) also referred to as opinion mining, started early in the studies
(Das & Chen, 2007; Turney, 2002; Wiebe, 2000). SA is the research of people’s attitudes, feelings,
judgments, views, and emotions toward objects and their properties as expressed in the written
word. The sources can come from a variety of customer material for instance blog posts, feedback,
chat rooms, survey responses, social media, comments, and so on.

The main approaches to analyzing the opinion include classic machine learning, lexicon-
based, and hybrid.
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Initially, sentiment classification has been executed at the document-by-document level.
Pang, Lee, and Vaithyanathan (2002) applied Machine Learning (ML) approaches for analyzing
opinions on movie reviews with three methods: Naive Bayes (NB), Support Vector Machine
(SVM), and Maximum Entropy (ME) classifiers. Recently, Clara, Adiwijaya, and Purbolaksono
(2020) studied the beautiful product with three aspects including price, package, and fragrance by
using RF (Random Forest), TF-TDF, and n-gram. In addition, some works used an unsupervised
learning method LDA (Latent Dirichlet Allocation) to find the aspect and identify which aspect is
related to which opinion expression in a review of cell phone accessories (Anoop & Asharaf, 2020)
and movie (Farkhod et al., 2021).

Deep learning distributed vectors to learn latent characteristics and has recently been
demonstrated to outperform several machine learning approaches on similar tasks. Wang, Pan,
Dahlmeier, and Xiao (2016) established a Recursive Neural Conditional Random Fields model by
combining CRF with a Recursive Neural Network. Mai Long and Le (2018) used a sequence-
labeling approach in conjunction with Bidirectional Recurrent Neural Networks (BRNN) and
Conditional Random Fields (CRF) to extract opinion targets and assess their sentiment
simultaneously so as to analyze smartphone reviews on YouTube and e-commerce. Le and Huh
(2021) utilized customer reviews on Tiki with various products and services to solve the emotional
analysis issue through a deep learning method with long short-term memory neural network LSTM
(belong to RNN), combined with CBOW, and TF-IDF techniques.

To identify aspects of a lexicon approach, most early ABSA research used a set of filters
on high-frequency noun phrases (Hu & Liu, 2004; Yauris & Khodra, 2017). A noun, adjective,
verb, or adverb can all be used to indicate an aspect (Nguyen & Duong, 2019; Taboada, Brooke,
Tofiloski, Voll, & Stede, 2011). The use of adjectives as indications of text semantic orientation
has been the focus of much lexicon-based studies (Hu & Liu, 2004; Wiebe, 2000). Vu, Pham, Luu,
and Ha (2012) approached through lexicon with VietSentiWWordNet and showed syntax rules to
analyze mobile phones with functionality, performance, support, and update features. In the
Amazon context, Sharma, Nigam, and Jain (2014) applied a Wordnet dictionary with seed lists to
determine the semantic orientation of customer reviews for books, watches, and phones. Most
recently, Hung and Cao (2019) proposed a new lexicon with collocations and concepts, and word
of mouth to polarize cosmetic products.

The study of Cooper et al. (2022) only used Text Analytics and stopped analyzing the topic,
while we applied a sentiment method that can analyze aspects and sentiment of products and
services. Our study utilizes a lexicon-based approach that does not require any prior leveling and
training, such as machine learning or deep learning systems to comprehensive vegan products on
e-commerce platforms. Additionally, we see that Nilashi et al. (2021) did not judge the price aspect
and Choi et al. (2021) did not consider the brand aspect in their study. But we think that they are
essential factors in consumer reviews as mentioned in the 3.2 section. Thus, we analyze five
aspects (quality, price, brand, shipment, package) by sentiment method.

3. Research methodology
3.1. Method

The qualitative method is performed in this work. The authors conduct searches and
research to aggregate regional and abroad investigation data about vegetarian food to clarify the
essential contents as well as finding in-depth insights into research gaps. This approach is also
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used to empirical the proposed model from data understanding, collection of rich data,
preprocessing steps, cleaning phases, analysis process, visualization of the result, and implications.

About the data analysis method, we use a lexicon-based method for the sentiment
classification. The lexicon-based technique involves estimating content orientation leaned on the
semantic orientation of the document’s words or phrases. They are assigned to tokens based on
polarity such as - 1, 0, 1 for negative, neutral, and positive or the score may be assigned based on
the intensity of polarity. The polarity of sentiment based on the standard level to category positive,
negative, or neutral.

Corpus-based and dictionary-based methods are primarily two techniques used in this
approach. The first method which addresses the challenge of identifying opinion words, relies
on co-occurrence statistics or grammatical patterns in text corpora, as well as a set of positive
and negative seed words. Additionally, the polarity values of each lexicon are stored in a
dictionary in a dictionary-based approach. Using a few seed texts to boost based on a dictionary’s
antonym and synonym structure is a basic technique in this method. Collecting a tiny list of seed
words with defined positive or negative polarities is the first task manually. Later, the set is
enhanced by looking up antonyms and synonyms in lexical resources to expand the dictionary.
After, the overall polarity score is calculated by adding the polarity scores of each word of the
text found in the dictionary.

3.2. Data collection and analysis

This research has been carried out through four phases including data preparation, data
preprocessing, analysis data, and visualization. The model proposal is depicted in Figure 1.

Identify aspects

~
[ Reviews on the

Website
. Phase 4:
> Phase 2: > .| Visualization and
A 4 Preprocessing A " result

Sentiment analysis
for each aspect

Customer reviews

Phase 1 Phase 3

Figure 1. The proposal of the research stages
Source: Author’s proposal
Phase 1: Data preparation

iPrice’s research utilized data from SimilarWeb indicates that Shopee’s average visit rate
is remarkably high, reaching 57%, followed by Lazada 16% and Tiki 13%. Besides, the Shopee is
picked to scratch the data thanks to the largest number of comments for the products.

The Cocoon Original Vietnam is a domestic vegan cosmetic brand, which was established
by The Nature Store Cosmetic Company Limited - Vietnam. Cocoon is the first beauty brand in
Vietnam to fulfill the cruelty-free criteria by the organization Leaping Bunny, The Vegan Society,
and PETA. Thus, data samples for vegan products were chosen from the official Cocoon store.
There are 28 vegan cosmetics from 06 classifications: coffee, eucalyptus & mint, grapefruit, rose,
squash, and turmeric.
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1. Entering a link
product into tool

2. Using model 3. OUtpLglheng excel > 4. Saving data

Figure 2. The steps of data preparation
Source; Author’s proposal

The authors used the Octoparse tool to crawl product reviews. The data retrieval process
consists of four small steps in Figure 1: Step 1: The link is picked from the Cocoon website to
input the tool; Step 2: The model is created by the authors on a tool online, which is based to
extract data; Step 3: Excel is the type of data that is selected for the output file, and Step 4: The
data is saved in a file to the next phase. Dataset has nine columns: Material, Product, ID, Name,
Datetime, Star, Price, Review, and Tags.

Phase 2: Data preprocessing

The steps of the preprocessing data

Reducing
duplicated >
character

Removing null
data-

Replacing Normalizing speak
emotion language

Lowercase

Y
Y

Y
Removing special
< Deleting stopword [« Segment word < character, number,
punctuation, stopword

Extracting noun, verb,
adjective, adverb

Figure 3. The steps of the preprocessing data
Source: Author’s proposal

There are several steps to preprocess data which are shown in Figure 3. Firstly, the
“Remove null data” step is to delete reviews with only star reviews without comments or rating
tags. Following that, the Unicode Code Table distinguishes between upper and lower case. As a
result, each review will be lower to deal with this problem. Then, the customers give a lot of ratings
that contain 02 consecutive letters such as “Giao hang nhanh (fast delivery)”, “San pham chat
luong tot (good quality product)”. Nguyen and Nguyen (2020) thought that even though it’s the
same word, the recognition system is different. Hence, they are reduced the repeated characters.
In addition, these days, several responses include not only “words” but also “symbols,” as Bahri,
Bahri, and Lal (2018) point out. The writer will convert some emojis, based on the Wikipedia “List
of emoticons” and Nguyen and Nguyen (2020). The negation terms are very important to process
sentimental analysis. Dang, Nguyen, and Nguyen (2018) gave that the word “khong (no)” is
sometimes abbreviated such as “khong”, “khog”,”’khg”,”’kh”,”’ko”,”’k” etc. These are needed to
replace for the next process. Besides, it is very important to omit punctuation marks such as colon,
exclamation mark, dot, commas, etc. to clear text (Nguyen, Toan, & Dien, 2016). They need to be
eliminated in order to tidy up the data. Stopwords are normal words, they can bring confusion for
word segmentation. In Vietnamese, there are a lot of stopwords that have high occurrence
frequencies but no value in meaning such as: “thi”, “ma”,” nén”, “la”, etc. (Nguyen, Ngo, Phan,
Dinh, & Huynh, 2008). The authors compile a lot of stopwords from papers, documents, open-
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source Github, and literature, etc. to compile the dictionary. Therefore, they are detected and
removed to enhance the processing data. Lastly, the extracted words combine adjectives, adverbs,
nouns, and verbs as (Nguyen & Duong, 2019; Taboada et al., 2011), which are considered
sentiment words or aspect words. The pre-processing stage helps the obtained dataset to be cleaner,
and processed more efficiently.

Phase 3: Analyzing data

In sentiment analysis, aspect groups are critical for the term extraction procedure. Thus,
the frequency of terms in customer comments is computed to find the regular words by buyers’
interest. Furthermore, Kotler’s model contains five stages of the buying decision process which
also showed some essential factors like appearance, price, brand, quality, and social media review
(Kotler, 2000). In addition, the previous studies involving e-commerce field extracted aspects such
as price (cost), quality, satisfy, shipment, design, package, fragrance, and so on (Clara, Adiwijaya,
& Purbolaksono, 2020; Le & Huh, 2021; Nandal et al., 2020). Based-on the previous studies, this
study continued surveying vagan food and identified food’s features as well as customers’ behavior
relevant to the dataset to propose the five aspects for the model. Price represents the amount of
money that the customers or clients must pay for the service, idea, or merchandise. Packing
procedure plays a central role in protecting the product’s integrity for the buyer. Shipment is
defined as the act of delivering merchandise, letters, parcels to customers’ houses or areas of
work. Brand is considered as the assistance that an enterprise provides to its consumers both
before and after they purchase products. Product quality is the characteristics of products that
meet customer needs.

In customer reviews, these rating tags are optional for the customer and are used to evaluate
the performance of each element. The tags are associated with 1-star and 2-star ratings which are
considered negative, while positive aspects have at least 4-star ratings and 3-star tags are a neutral
class (Fang & Zhan, 2015).

The authors performed the analysis with a structure-based approach to realize aspects and
polarity. In order to have input data into the system, the authors need to build a list of lexicons for
the dataset from sources. The vocabularies are based on some research such as (Dang et al., 2018;
Le & Huh, 2021; Nguyen & Duong, 2019; Vu et al., 2012). Besides, for these descriptions of
products, the authors identify the feature word and put them in the dictionary list. In addition, the
authors refer to several open-source files on GitHub which are mentioned in the reference. The list
of polar words is classified per aspect based on research by Yauris and Khodra (2017).
Furthermore, a list of negations is saved separately. If an opinion word is accompanied by the
negation, the polarity of that word is reversed. Anoop and Asharaf (2020) implemented the
algorithm to find the aspect first and then its sentiment. In this research, the author also locates the
aspect text. Next, the algorithm traverses right and left in seek of a term that expresses an opinion
(Piryani et al., 2017). Positive words are considered to receive a positive value of 1, negative words
are considered to have a negative value of -1, words with a neutral aspect receive a value of 0. If
the total value of positive poles is positive, then that aspect is positive sentiment, value less than
zero is negative sentiment, and the rest are neutral sentiment. Based on that, the authors have
proposed and implemented the algorithm presented in detail as below.
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Data JSON file: topic word for each feature
opiion word (negative, positive, neutral) for each feature
Result: Sentiment on Aspect
For each review
Scan the comment text
If the line contains feature word:
For each aspect do
Pos <= Sum positive opinion count
Neg <= Sum negative opinion count
Neu <= Sum neutral opinion count

Sum =Pos.1 + Neg.(-1) + Neu.(0)

If Sum = 0:

Opinion = “Pos™
Else if Sum < 0:

Opinion = “Neg™
Else:

Opinion = “Neu™

Else:

Opinion = “Neu”

End

Figure 4. Pseudocode search for the sentiment on each aspect
Source: Author’s proposal
Phase 4: Visualization

The overview of the product review will demonstrate the opinion of each aspect, the
average of stars, the number of rating tags, the total count of customers, the revenue of each
material,... The slicers are utilized to classify by time, materials, reviews, stars. To deeper
understand the emotions of five aspects, the performer displays some column charts, line charts
with percentages and values, and images by word cloud.

4. Research results
4.1. Summary overview of Cocoon’s product

After summing the statistics, there are 17,892 valid comments in Figure 5. Total revenue
from these customers is about 4 billion VND. Sorted by components, rose and winter melon are
the two ingredients with the largest sales and revenue. The average star rating of the comments is
very high: 4.94 stars. It shows that the number of customers with 5-star reviews is so high.
Customers attach rating tags to each comment very little. Up to 11,133 comments were not tagged,
accounting for 62% of the total number.
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Figure 5. Overview of the result of the product review
Source: The author’s data analysis

Looking at the bar chart images, the product quality evaluation of customers is very good.
It takes about 50% of the total and is significantly more proportional than other aspects. The lowest
is the price and brand of satisfaction for products and services. As for the negative opinion, the
product price received the least negative reviews, with 15 reviews. The number of reviews for bad
transportation is the highest in the five dimensions which are 266 reviews in total. Therefore, this
aspect needs to be more thoughtful about issues that cause bad feelings for customers. Based on
the total number of good and bad emotions, it is clear that product quality, packing, shipment,
price, and customer services are in the order of customer concern.

4.2. A detailed description of each aspect

Overall results based on rating tags
18000

15872
16000 15192 15300

14000 12744 12560
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4000
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Figure 6. Overall results on five aspects based on rating tags

Source: The author’s data analysis
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It is obvious that most customers do not use many tags and do not even use tags to evaluate
products in Figure 6. Regarding the positive rating tags, the quality and packaging are superior to
the other aspects. Regarding product quality, there are 5,319 positive tags and 13 negative tags.
Next, the packaging has 09 bad tags and 5,139 good tags. In addition, regarding shipping, there
are 1,994 positive tags and 26 negative tags. In this aspect, the number of negative comments tags
is the highest, consisting of less than 1%. In a nutshell, the number of tags is used quite a little and
customers usually select positive tags.

4.3. Aspect-based sentiment analysis over time

Over time, the number of reviews received first with 16,107 reviews in 2021; second with
1,167 reviews in 2020; third with 614 reviews in 2022; and fourth with at least four reviews in 2019.
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Figure 7. The total count of comments on five aspects by the year

Source: The author’s data analysis

Based on the line graph in Figure 7, there is a variation in the number of positive, negative,
and neutral comments over the years. The number of neutral reviews is the highest, above positive,
and negative ones every year. By and large, the quantity of comments has increased with time, as
have the opinions about each aspect. In 2021, it has the biggest difference in customer emotions.
In 2019, there were only 04 comments and they were all neutral. The first period from 2019 to
2020 has a slight change in the number of sentiments per aspect, and the period from 2020 to 2021
has a sharp increase in volatility when the number rises much more rapidly. It is predicted that
2022 will sell in more quantities than the previous year and have a clearer polarization.

4.4. Word cloud for aspects

We used word cloud dashboards to clearly represent each aspect of all the goods studied
in the case study after accumulating the texts in Figure 8.

Price Package Shipment Brand Quality
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Figure 8. Word cloud for five aspects

Source: The author’s data analysis
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It is clear that the first aspect clearly illustrates the significant words such as “sale”, “gid”
(price), and “ré” (cheap). The “sale” word is the best important in the price aspect of all words.
Looking at the packing aspect, the keyword shown most clearly is “dong-g6i” (pack) which is the
biggest size in the packaging aspect. In general, the words displayed in the graphic, are mostly
positive emotions. This shows even more clearly that this aspect receives a lot of good customer
reviews. The graphics of aspects via the word cloud technique, it has shown more clearly the level
of use of words by customers. Overall, words with positive words are used a lot more than negative
terms and neutral texts.

5. Discussion

In terms of vegan products, this study was more specific about the sentiment of each aspect
of theory and method with regard to the role of aspect-based sentiment analysis from customers’
feedback in Vietnam’s online market while previous studies concentrated on discovering the
interesting themes in consumer opinions (Cooper et al., 2022; Pilaf et al., 2021). Further, this
research provides the finding with emerging trends and potential merchandise for each factor in
market opinions through each period. Over and above the significant increase in the number of
customer comments also shows that vegetarian products are being used more and more by
customers. In sum, there are important theoretical implications of using the method to analyze the
customers’ opinions over time.

According to the results obtained, the rate of positive comments is many times larger than
the rate of negative comments. There are still very few customers who are not satisfied with goods
and services. The order of magnitude of customer interest is quality, package, shipment, price, and
brand. Some adjustments need to improve the buyers’ experience by providing better products and
services. Following that, we have the following suggestions for those aspects.

Vegetarian merchandise is a vegan and nature-friendly product, so the packaging process
may be different from other products by using packaging materials made from biodegradable
plastic and plant fibers to shorten the time to decompose. Air bubble foam is a popular material
used for shock-absorbing packaging, which protects the product very well, but it takes about 10 to
100 years to degrade depending on environmental conditions. Therefore, the store ought to
consider switching to other materials like kraft honeycomb wrapping paper, carton paper, and
biodegradable plastic.

For E-commerce platforms, shipment plays a role in distributing products to users. Thus,
product suppliers need to consider when there is a lot of traffic, there will be a balance of forces
to contribute to early delivery to the supplier. Currently, Shopee supports tracking their orders on
the app, which has helped customers see the status of the orders. Besides, it is more convenient for
customers to provide additional support by sending an email. When the delivery person is about
to convey the goods to customers, about thirty minutes before, it should be an automatic message
sent to the customer’s phone to notify in advance to prepare for a faster pick-up time and reduce
the waiting time of the shipper.

Regarding the price, there are many different pricing strategies for businesses to choose to
implement in line with their business goals. In Cocoon’s case, the company can use the “Product
bundle pricing” campaign. Currently, on the official Cocoon store, some merchandise is sold in
several combos, but all kinds of them are not diverse so that not only businesses increase revenue
but also customers have more choices. Combos can be formed by purchasing history in the past,
which is very practical for the buyer.

All orders must be checked carefully, especially when there is a promotion going on. The
attention to each customer shows them personalization, creating the image of the brand in their
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hearts. For example, the store has a special promotion program for customers who buy products
and give gifts on sale occasions. Customers who usually want to give gifts must add plus products
to their shopping cart, then they will have gifts when packing the products. If the customer does
not add to the cart, the customer service department can contact to confirm whether the customer
wants to receive the gift or not.

The quality product is many times researched and tested to make up new merchandise.
Therefore, this factor has been considered by the company itself. Besides, this aspect is also rated
the best and most satisfied by their customers. Hence, the authors do not recommend this aspect
to the company.

6. Conclusion and future work
6.1. Results

With the trend of using vegan products in the world, Vietnam is also a country that favors
vegetarian products thanks to the benefits not only for health but also for the environment. We
looked back at and referred to previous studies and carried out the experimental study using a
lexicon-based approach which classifies the sentiment of each aspect in customer comments. In
this case study, Cocoon cosmetics was studied with data collected from Shopee websites with
32,216 comments, through preprocessing the remaining 17,892 comments. Through the process
of researching and analyzing the viewpoints of five aspects: price, package, shipment, brand, and
quality based on the proposed model. A star rating is close to reaching a maximum of five stars.
Regarding text comments, the quality aspect has a higher number of positive opinions than other
aspects, making up 8,672 good comments. In contrast, the shipping aspect received the most
negative reviews but also only accounted for 266 comments. The most frequency is “hang”
(merchandise), “san-pham” (product), “dung/st-dung” (use), “giao” (delivery), and “mua” (buy)
that are used by customers when they show their opinions about the merchandise and services.

6.2. Limitations and future work

The number of stars is a general comment for a product that has not highlighted detail about
each of the elements. In the implementation process, there are still many stages of manual
implementation and it is difficult to scale up to develop for classifications in the next. Therefore,
building an automatic implementation model will reduce project execution time.

This research direction needs to be built that automatically retrieves data and builds the
dictionary owing to this manual phase. Customers’ reviews can attach some images and short
videos, and they will also receive coins if any reviews meet the standard of the website. Thus, the
new aspects can be expanded to comprehend customer interest in the future.
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